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Despite mean differences between sexes, virtually no research has investigated
sex-based differential prediction of personality tests in civilian employment
samples. The present study investigated the degree to which personality test
scores differentially predicted job performance ratings in two managerial
samples. In both samples, participants completed a Five-Factor Model person-
ality test and the participants’ supervisors, peers, and subordinates provided
ratings of participants’ task and contextual performance. The current study
found sex-based differential prediction in 6.7 per cent of differential prediction
analyses in Sample 1, but found no sex-based differential prediction in Sample
2. Across the two samples sex-based differential prediction of performance only
occurred 3.3 per cent of the time, which is less than would be expected by
chance alone, given alpha = .05. Thus, based on the present study and the extant
literature to date, no sex-based differential prediction studies have identified
evidence of personality test bias.

INTRODUCTION

Personality testing is widespread in organisations. For instance, personality
testing is a $400 million industry, and at least 30 per cent of all US organi-

* Address for correspondence: Christopher M. Berry, Texas A&M University, Department
of Psychology, 4235 TAMU, College Station, TX 77843, USA. Email: cmberry@tamu.edu

We thank Ronald C. Page of Assessment Associates International and William H. Mobley of
Mobley Group Pacific for providing the data for this project. We also thank Paul Sackett and
Stephanie Payne for thoughtful comments on an earlier version of this manuscript.

bs_bs_banner

APPLIED PSYCHOLOGY: AN INTERNATIONAL REVIEW, 2012
doi: 10.1111/j.1464-0597.2012.00493.x

© 2012 The Authors. Applied Psychology: An International Review © 2012 International
Association of Applied Psychology. Published by Blackwell Publishing Ltd, 9600 Garsington
Road, Oxford OX4 2DQ, UK and 350 Main Street, Malden, MA 02148, USA.



sations use personality tests for hiring or related practices (Paul, 2004). Given
this widespread use, it is worth asking whether personality testing is a fair
personnel selection practice. Since Barrick and Mount’s (1991) seminal meta-
analysis of the criterion-related validity of the Five-Factor Model (FFM) of
personality, much research has focused on personality tests as personnel
selection tools (e.g. Costa, 1996; Saville, Sik, Nyfield, Hackston, & MacIver,
1996). Many studies are devoted to issues that have bearing on the fair use of
personality tests in personnel selection; issues such as criterion-related valid-
ity (Barrick, Mount, & Judge, 2001), faking and social desirability (Ones &
Viswesvaran, 1998), and race and sex differences in mean personality test
scores (Ash, Baehr, Joy, & Orban, 1988; Bobko, Roth, & Potosky, 1999;
Feingold, 1994; Hough, Oswald, & Ployhart, 2001). Of particular interest for
the present study are meta-analytic results outlining mean differences
between sexes in personality tests scores for numerous traits (Feingold, 1994;
Hough et al., 2001). Although sex differences in predictor scores do not in
and of themselves signal predictive bias (also termed “differential predic-
tion”), such sex differences make predictive bias a more salient concern (Saad
& Sackett, 2002). The present study investigates whether FFM personality
test scores differentially predict job performance for men versus women, and
what might cause this sex-based differential prediction.

Differential Prediction

Differential prediction occurs when the regression lines relating a test score to
a relevant criterion are not equivalent for subgroups (Society for Industrial
and Organizational Psychology [SIOP], 2003), meaning that the test scores
do not predict the criterion the same for each subgroup. If such predictive
bias existed, it could affect conclusions regarding whether the use of person-
ality testing in personnel selection is fair or even perhaps legal (e.g. if test
scores do not predict job performance as well for a minority subgroup, the
use of test scores for personnel selection might be deemed unfair). Given the
amount of research devoted to differential prediction of cognitive ability tests
(Sackett, Borneman, & Connelly, 2008), it is surprising that there exists only
one published study (Saad & Sackett, 2002) related to sex-based differential
prediction of personality tests.

Differential prediction is typically assessed using a regression model
wherein the within-group regression lines relating test scores to job perfor-
mance criterion scores are compared in terms of their relative slopes and
intercepts. Differences between the two subgroups’ (i.e. sexes’) regression
slopes and/or intercepts indicate predictive bias (SIOP, 2003). If the regres-
sion slopes differ between sexes, this would mean that the test score is not as
strongly related to the criterion for the sex with the smaller regression slope,
and thus inferences drawn from test scores might not be as accurate for that
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sex. If only the regression intercepts differ, this suggests that the sex with the
higher intercept’s criterion scores would be under-predicted by the overall
sample common regression line, and thus the use of a common regression line
(which is mandated by the 1991 Civil Rights Act) would be a disadvantage
for that sex. Because women are the traditionally disadvantaged group com-
pared to men in the workplace (e.g. Sackett & Wilk, 1994), of most concern
from an applied personnel selection perspective is if women’s performance is
under-predicted by the common regression line or if the regression slope is
less steep for women. Therefore, the present study focuses on sex-based
differential prediction in the form of weaker slopes or under-prediction of job
performance for women, although we recognise that the opposite (weaker
slopes or under-prediction of performance for men) is also possible.

Should Organisations Be Concerned about Sex-based
Differential Prediction of Personality Tests?

Differential prediction is generally of greatest concern for predictors exhib-
iting criterion-related validity, as these are the predictors that are most likely
to be used in personnel selection systems, and for predictors exhibiting mean
differences between subgroups, as these are the predictors most likely to
result in adverse impact. For example, race-based differential prediction has
been such a concern for cognitive ability tests because cognitive ability tests
are highly valid personnel selection tools on which certain racial/ethnic sub-
groups score much lower. FFM personality tests also fit both of these criteria
with regard to sex differences. First, most of the FFM traits are related to at
least one of the main dimensions of job performance. For instance, consci-
entiousness and emotional stability predict task performance (Barrick et al.,
2001). Agreeableness predicts organisational citizenship behaviors (Hurtz &
Donovan, 2000) and counterproductive work behaviors (Berry, Ones, &
Sackett, 2007a). Although openness and extraversion do not predict task or
counterproductive performance, they do predict leadership and managerial
performance, respectively (Barrick et al., 2001; Judge, Bono, Ilies, & Ger-
hardt, 2002), and openness predicts citizenship performance (Chiaburu, Oh,
Berry, Li, & Gardner, 2011). In addition, Hogan and Holland (2003) dem-
onstrated that when FFM personality traits and performance criteria are
aligned using socioanalytic theory, all of the FFM traits predicted relevant
criteria with true validities exceeding .30. Thus, each of the FFM traits is
viable in at least some personnel selection settings.

FFM personality tests also fit the second criterion regarding subgroup
differences. Meta-analyses by Feingold (1994) and Hough et al. (2001)
outline a number of traits, at both the FFM and facet levels, on which men
have higher mean scores than women. Even for traits on which women score
higher than men, sex-based differential prediction could occur if there are not
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comparable mean differences in favor of women on criterion performance or
if the trait scores do not predict performance as strongly for women. Regard-
less, the main point is that the FFM traits are viable predictors of job
performance that exhibit mean sex differences. Therefore, the general lack of
research on sex-based differential prediction of FFM personality tests is an
oversight, and the present study investigates whether such sex-based differ-
ential prediction exists in two employee samples.

Existing Evidence

There exists almost no research on sex-based differential prediction of per-
sonality tests. There are a number of possible reasons for this dearth. One
possibility is that differential prediction analyses originally gained popularity
as a method for assessing predictive bias of cognitive ability tests for African
American and White subgroups (Cleary, 1968). Thus, when researchers think
of predictive bias and differential prediction, they may think of race and
cognitive ability, not sex and personality. Another possibility is that person-
ality tests were not originally developed for making predictions about job
applicants in employment settings and only relatively recently gained popu-
larity as a personnel selection tool. So, considerations of predictive bias, a
concept mostly confined to educational and employment testing, was not
always particularly relevant for personality tests. However, given the increas-
ing use of personality tests in personnel selection and employee development,
the lack of research on sex-based differential prediction must be remedied.

To our knowledge, only one study has investigated sex-based differential
prediction of personality tests. Saad and Sackett (2002) reported sex-based
differential prediction analyses separately for nine military jobs. Saad and
Sackett included three different personality traits from the Army’s Assess-
ment of Background and Life Experiences instrument (Peterson, Hough,
Dunnette, Rosse, Houston, Toquam, & Wing, 1990): Adjustment (similar to
the FFM trait of Emotional Stability); Dependability (a facet of the FFM
trait of Conscientiousness); and Achievement-Orientation (another facet of
the FFM trait of Conscientiousness); and five different soldier performance
criteria. In all, Saad and Sackett carried out 135 sex-based differential pre-
diction analyses (9 jobs ¥ 3 traits ¥ 5 criteria). On the one hand, slope
differences between sexes were not found at greater than chance levels (i.e.
significant slope differences would be expected 5% of the time simply due to
chance, based on alpha equal to .05). On the other hand, intercept differences
between sexes were found in about one-third of the analyses. These intercept
differences were almost always in the form of women having a lower intercept
(meaning the common regression line over-predicted female performance).
Further, almost all of the cases of sex-based differential prediction were
concentrated within the Effort and Leadership criterion, which “reflects the
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level of individual effort exerted over all job tasks, perseverance under
adverse conditions, leadership qualities, and support of peers” (Saad &
Sackett, 2002, p. 669). This suggests some issue with that criterion rather than
bias in the personality tests. In all, Saad and Sackett did not find consistent
evidence compatible with personality test bias, and any bias they did find
actually resulted in over-prediction, rather than the more concerning under-
prediction, of female performance.

Although Saad and Sackett (2002) stands as an excellent example of the
kind of sex-based differential prediction research that must be carried out,
there remain a number of unanswered research questions. One set of unan-
swered questions pertains to the personality traits studied in Saad and
Sackett. In particular, Saad and Sackett used a limited set of personality
traits. Their personality measures were only related to two of the FFM model
traits (Conscientiousness and Emotional Stability). Thus, the present study
investigates sex-based differential prediction of all of the FFM traits instead
of just a subset. Further, two of Saad and Sackett’s personality measures
(Dependability and Achievement-Orientation) were facet-level personality
measures. It has been documented that relationships at the facet level of
personality measurement do not always translate to the FFM level (e.g. Ones
& Viswesvaran, 1996). Therefore, the present study focuses on the more
common FFM framework, which is another important advancement beyond
Saad and Sackett.

Similarly, Saad and Sackett used a limited set of performance criterion
measures. Their criterion measures were all based on supervisor ratings, work
samples, and personnel files. Although these are clearly important criterion
measures, the degree to which their results extend beyond those criterion
sources remains unanswered. The present study focuses on peer and subor-
dinate ratings of performance in addition to supervisor ratings. Although
supervisor ratings are more commonly used for administrative purposes
within organisations than peer or subordinate ratings, this is not always the
case. For instance, in addition to their common use for employee develop-
ment, 360 degree performance ratings are increasingly being used for admin-
istrative purposes (London & Smither, 1995). In addition, Oh and Berry
(2009) presented evidence that supervisor ratings represent a deficient per-
formance criterion and that adding peer and subordinate ratings to supervi-
sor ratings helps address this criterion deficiency issue. Thus, peer and
subordinate ratings can be seen as viable performance criteria and therefore
the present study’s focus on these rating sources, in addition to supervisor
ratings, provides a broader picture of personality tests’ sex-based differential
prediction of job performance.

Also, Saad and Sackett used a military sample. The military represents a
relatively unique context in that it is strongly male-dominated and hierarchi-
cal in nature. So, the degree to which Saad and Sackett’s results generalise to
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civilian employment settings is an open question. Therefore, the present
study’s focus on civilian employee samples represents another advancement
of the present study over previous research. More fundamentally, one study
cannot provide a definitive answer regarding sex-based differential prediction
of personality tests. Relatedly, Saad and Sackett’s analyses were carried out
within jobs, and female sample sizes ranged from 31 to 281 (mean N = 89;
samples composed of between 6.6 and 54.7% women). The fact that Saad and
Sackett is only a single study with a moderate sample highlights the need for
future incremental research, and the present study addresses this need by
carrying out sex-based differential prediction analyses in two new samples.

An Agency–Communion Framework for Understanding
Sex-based Differential Prediction

The above section highlighted the need for continued sex-based differential
prediction research. As new studies are carried out, it would be useful to have
a framework for predicting what personality traits and performance criteria
are most likely to be associated with sex-based differential prediction. There-
fore, the present study introduces the agency–communion framework for
understanding sex-based differential prediction, if it exists. Sex-based differ-
ential prediction can be a function of some form of bias in either the predictor
or the criterion. We posit that predictor and/or criterion bias against women
is more likely to manifest when the predictor (i.e. personality trait) or crite-
rion (i.e. job performance) reflects content that is counterstereotypic of
women.

The growing body of research in sexism and gender stereotyping reveals
that men are regarded as agentic, whereas women are regarded as communal
(Burgess & Borgida, 1999). In other words, men are regarded as having more
forceful, instrumental qualities like being competitive and being assertive,
and women are seen as being more passive, warm, and concerned about
others’ welfare. Therefore, agentic characteristics are counterstereotypic of
women. Predictors or criteria with strong agentic content may exhibit differ-
ent measurement properties for men and women. For instance, Sheppard,
Han, Colarelli, Dai, and King (2006) found that, holding personality trait
scores constant, men were more likely to endorse personality items with
agentic content (e.g. competitiveness, assertiveness), and that this accounted
for sex-based differential item functioning in the Hogan Personality Inven-
tory (Hogan & Hogan, 1992). Similarly, when women exhibit counterstereo-
typic behaviors such that they behave agentically, there is a resulting
backlash; they are penalised with respect to competence and likability ratings
(Rudman, 1998) and are even sabotaged on subsequent tasks (Rudman &
Fairchild, 2004). Research specifically focused on job performance evalua-
tion has also supported this idea that women are often penalised when there
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is a lack of fit between stereotypes of women and job roles (e.g. Davison &
Burke, 2000; Eagly, Makhijani, & Klonsky, 1992; Lyness & Heilman, 2006).
If personality test scores or job performance criteria have different psycho-
logical meaning for men versus women as a function of agentic content, then
this could affect the degree to which the personality trait scores predict job
performance Therefore, we suggest that sex-based differential prediction of
job performance is more likely when the personality traits and/or job perfor-
mance criteria contain agentic content.

Present Study

The current study carried out an investigation of sex-based differential pre-
diction using an FFM personality test in two civilian employment samples,
and included performance ratings from three sources: supervisors, peers, and
subordinates. Based on Saad and Sackett’s (2002) null test bias results, it
would not be surprising to find null test bias results in the current study as
well. However, if evidence of sex-based differential prediction is found, and
it is a result of either test or criterion bias, we suggest that the agency–
communion framework is a useful tool for hypothesising which traits and
criteria are most likely to be associated with sex-based differential prediction.
That is, we posit that sex-based differential prediction is more likely to be
found for certain FFM traits and performance criteria, based on the degree
to which they are relatively agentic traits/criteria. For instance, regarding
bias as a function of personality tests, sex-based test bias might be a function
of the contaminating effects of agentic content in personality test items
(Sheppard et al., 2006), and therefore sex-based differential prediction would
be expected to be more common for relatively agentic traits. Berry, Page, and
Sackett (2007b), based in part on arguments put forth by Paulhus and John
(1998), made the case that Extraversion, Openness to Experience, and Emo-
tional Stability are relatively agentic traits. Therefore, if sex-based differen-
tial prediction exists in the present study, we hypothesise:

Hypothesis 1: Sex-based differential prediction will occur more often for relatively
agentic traits (Extraversion, Openness, or Emotional Stability) than for relatively
communal traits (Agreeableness or Conscientiousness).

Regarding criterion bias, the agency–communion framework suggests that
performance ratings of women are most likely to be contaminated by sex bias
when those ratings regard relatively agentic dimensions of performance that
are counterstereotypic of women. The job performance domain is often
conceptualised as comprising task performance (i.e. behaviors focused on
structuring work and getting things done) and contextual performance (i.e.
behaviors focused on facilitating the psychological and social contexts of
work and getting along with others) dimensions (e.g. Borman & Motowidlo,
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1997; Johnson, 2001; Motowidlo, Borman, & Schmit, 1997; Motowidlo &
Van Scotter, 1994; Oh & Berry, 2009; Van Scotter & Motowidlo, 1996). Oh
and Berry (2009) made the case that task performance dimensions are reflec-
tive of a motivation to achieve status (i.e. agency) while contextual perfor-
mance dimensions are reflective of a motivation to get along with others (i.e.
communion). Therefore, if sex-based differential prediction exists in the
present study, we hypothesise:

Hypothesis 2: Sex-based differential prediction will occur more often for relatively
agentic performance dimensions (task performance) than for relatively communal
performance dimensions (contextual performance).

Adding an additional layer of complexity to these predictions, the current
study included performance ratings from three sources: supervisors, peers,
and subordinates. It is possible that ratings from supervisors, peers, and
subordinates are differentially influenced by their own motives and biases
with respect to the ratee. Based on socioanalytic theory, Oh and Berry (2009)
made the case that a performance rater’s judgments are based, in part, on the
degree to which the ratee meets the rater’s expectations and promotes the
rater’s agenda. For example, in the case of ratings of managerial perfor-
mance, as in the current study, the agendas of supervisor raters likely reflect
a need for production from the managers beneath them and therefore are
more likely to be weighted toward “getting ahead” behaviors (i.e. agentic
behaviors) of managers. On the other hand, Oh and Berry stated that peer
and subordinate raters’ agendas likely reflect more of a desire for considerate
managers who are easy to get along with (given the benefits of such consid-
erate manager behavior to peers and subordinates), and therefore are more
likely to be weighted toward “getting along” behaviors (i.e. communal
behaviors) of managers. Sex-based differential prediction is most likely when
the performance ratings are weighted toward agentic behaviors that are
counterstereotypic of women. Thus, to the degree that sex-based differential
prediction exists in the present study, we hypothesise:

Hypothesis 3: Sex-based differential prediction will occur more often when the
relationship in question involves supervisor ratings.

METHOD

Participants

Sample 1. Two hundred and seventy-seven managers at a large US
energy company comprised Sample 1. These were “middle-managers” occu-
pying a diverse group of positions at organisational levels above front-line
supervisor, but below the level of vice president. Some were plant general
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managers, while others held managerial positions in a wide range of depart-
ments such as human resources, information technology, finance, and public
affairs and regulatory services.

The managers participated as part of a leadership development program in
which participants completed an FFM-based inventory and their perfor-
mance levels were assessed on a customised 360 degree performance rating
system. Of the 277 managers, 264 provided their sex (60 female), and thus
comprised the final sample. One hundred and fifty participants provided their
age (mean = 50.7, SD = 7.8).

Findings from the data in Sample 1 have been previously published in two
manuscripts. Berry et al. (2007b) focused on the moderating role that Self-
deceptive Enhancement and Impression Management play in the relation-
ship between Overall Job Performance and the FFM personality variables
(Emotional Stability, Extraversion, Openness, Agreeableness, and Conscien-
tiousness). Oh and Berry (2009) focused on the potential of multisource job
performance ratings to enhance estimates of the relationships between FFM
personality variables and Task and Contextual Performance. The current
manuscript focuses on the potential for sex-based differential prediction in
personality–performance relationships, an issue that was not addressed in
Berry et al. (2007b) or Oh and Berry (2009). A number of things in the
current study mitigate the potential issues associated with using previously
published data. For one, there might be concern that the results of Berry
et al. (2007b) or Oh and Berry (2009) confound results of the present study.
This is unlikely the case. Berry et al. (2007b) focused on the effects of
response distortion on personality validity. If response distortion were con-
founded with sex (i.e. affected personality validity more for one sex than the
other), this would be expected to exacerbate validity/prediction differences
between sexes, not suppress them. That no sex-based differential prediction
was found in the current study argues against a confounding with response
distortion. Oh and Berry (2009) demonstrated that single-source supervisor
ratings of performance are potentially deficient criterion measures, but the
current study did not rely on single-source supervisor ratings. A second
concern might be that there is something idiosyncratic about this dataset and
thus the continued use of it is misleading. This does not appear to be the case
as the same pattern of a lack of sex-based differential prediction was repeated
in a large, independent sample (Sample 2) in the present study.

Sample 2. Seven hundred and fifty-four Chinese executive MBA
(EMBA) students from a diverse set of organisations and management levels
comprised Sample 2. As part of a developmental class assignment, the
EMBA students participated in a 360 degree performance rating exercise.
First, the EMBA students rated their own performance on an online perfor-
mance rating form. Then, each EMBA student enlisted their supervisors,
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peers, and subordinates at the EMBA student’s place of employment to rate
the EMBA student’s performance using the same online form. The executive
MBA students then were invited to complete an FFM-based personality
inventory during their 360 degree feedback session. Of the 754 participants,
134 were female. Six hundred and ninety-nine participants provided their age
(mean = 38.5, SD = 4.5).

Measures

Sample 1. The Work Behavior Inventory (WBI; Page, 2009) 1.0 was
used to measure participants’ FFM personality traits using a 5-point Likert
scale. The WBI 1.0 is a 240-item occupational-purpose personality instru-
ment that has been used in past organisational research (e.g. Berry et al.,
2007b; Oh & Berry, 2009). The WBI 1.0 comprises 20 facet-level scales, 18 of
which map onto the FFM traits (see the Appendix for example items). Scale
scores were calculated for participants on each of the FFM traits: Emotional
Stability, Extraversion, Openness to Experience, Conscientiousness, and
Agreeableness. The company that owns the WBI 1.0 and made the data
available for the present study converted scale scores to a T-score metric
(where the mean and standard deviation are 50 and 10, respectively, based on
test norms), and thus the FFM scale scores in the present study are in such a
metric. Alpha reliabilities for the FFM scales ranged from .92 to .95.

The job performance rating form was a proprietary instrument containing
20 separate items, each representing a job performance dimension (see
Table 1 for definitions of each of the 20 performance dimensions). Raters
were provided with construct descriptions of each of the performance dimen-
sions, along with examples of less effective versus highly effective behaviors.
Raters were then asked to rate participants on each of the 20 dimensions on
a 9-point scale (1 = needs substantial development, 9 = extremely effective).
Participants’ job performance was rated by an average of 12.44 raters (one
supervisor, 6.75 peers, and 4.69 subordinates). Supervisors, peers, and sub-
ordinates used the same rating form. Each participant was rated by only one
supervisor, and only average peer ratings and average subordinate ratings
were made available to the researchers; so interrater agreement statistics
could not be calculated.

Exploratory factor analyses (EFAs) using promax rotation were con-
ducted in order to determine whether the 20 performance dimensions would
map onto task and contextual performance factors (see Table 2). Separate
EFAs were carried out for each of the three ratings sources: supervisor, peer,
and subordinate ratings. For each of the three ratings sources, the same three
interpretable factors (accounting for between 68.0 and 72.6% of the variance)
emerged. Performance dimensions 1–6 (which all resembled task perfor-
mance in that they reflect core job tasks of managers and are focused on
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TABLE 1
Definitions of Each of the Performance Dimensions in Samples 1 and 2

Performance dimensions Definitions

Sample 1
1. Continuous Learning Comprehends quickly; applies new concepts; actively works to

continuously gain understanding and knowledge to improve
approaches, technologies, solutions, market conditions and
customer needs.

2. Technical Orientation Demonstrates expertise in own technical field; serves as a technical
resource for others.

3. Problem Analysis Analyzes and solves problems using a sound problem-solving
strategy: gathers information, analyzes the problem using critical
thinking, generates and selects solutions, checks results.

4. Strategic Planning Leverages strategy and objectives to drive goals and plans; sets
clearly defined objectives; produces timely, comprehensive project
plans with action steps. Plans for future problems and
opportunities by forecasting business trends and outside forces;
considers benefits of several options by using resources and
focusing efforts on critical components.

5. Business Acumen Gets work done efficiently through formal and informal channels;
displays broad understanding of business practices and policy.

6. Leading, Modeling, &
Vision

Provides leadership by example; defines a vision and engages others
to implement the vision; sets a strong leadership role by walking
the talk.

7. Team Building Supports team efforts; builds a spirit of participation and belonging;
builds group cohesiveness by emphasising team objectives and
reinforcing cooperation.

8. Coaching & Mentoring Provides challenging assignments with clear and constructive
feedback to employees to yield high performance; acts as a
positive mentor; fosters development in others with an
understanding of individual’s career aspirations; brings out the
best in individuals regardless of differences in background or
experiences.

9. Relationship Partnering Builds and maintains effective working relationships; has a wide and
effective network; quickly establishes rapport with others.

10. Delegation Plans and assigns work and work responsibility to direct reports in
order to balance their development and productivity; provides
resources (human and capital) to help subordinates succeed in
delegated responsibilities.

11. Approachability Is approachable; actively listens to the issues and concerns of others;
manages by “walking around” to collect information and make
responsive decisions; provides an environment that allows others
to be comfortable talking about sensitive issues.

12. Leveraging Conflict Openly manages conflict and disagreement through collaborative
discussion to reach positive conclusions or decisions; arrives at
constructive solutions while maintaining positive working
relationships; seeks win-win situations.

13. Negotiating Resolution Diplomatically explores common and opposing options to reach
mutually acceptable positive solutions; is persuasive and clear in
addressing negotiable items.
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TABLE 1
Continued

Performance dimensions Definitions

14. Initiative & Risk Taking Demonstrates a high motivation for succeeding; shows effort and
drive in the face of obstacles; sets aggressive goals for oneself and
works hard in achieving those goals; is internally driven; believes
calculated risk taking is necessary in a competitive marketplace; a
sense of urgency prevails.

15. Results Driven Drives for successful results; moves tasks and assignments toward
closure.

16. Communication Whether speaking or writing, clearly articulates the key points of an
issue; interpersonally holds the attention of others; takes
recipient’s needs into account; addresses and listens to others in a
respectful manner.

17. Process Management Understands how to design efficient work flow; identifies
opportunities for synergy and integration; attains higher
productivity yields with fewer resources and simpler processes.

18. Customer Focus Responsively addresses the needs of the customer; accurately
diagnoses customer needs; communicates effectively with
customers; establishes customer rapport.

19. Decision Making Makes quality decisions based on a mixture of analysis, wisdom,
judgment, and due diligence.

20. Adaptability Appropriately changes one’s strategy in response to new
information; continuously adapts to changes; deals with
uncertainty and vagueness; decides and acts without having the
picture totally defined; is receptive to understanding cultural and
individual differences.

Sample 2
1. Strategic Thinking Maintaining a big-picture view of the industry and organisation;

quick to recognise trends and changes; envisioning and following
clear goals.

2. Analysis and Problem
Solving

Analyzing situations, identifying alternative solutions, and
developing specific items; capable of making high-quality
decisions.

3. Organising and Planning Assigning responsibilities and coordinating tasks; providing direction
and scheduling activities.

4. Executing and
Implementing

Tackling problems head-on and managing change; integrating efforts
across functions and assigning clear authority and accountability.

5. Customer Focus Ensuring that team members stay alert to external customers’
expectation; developing useful contacts with a range of people in a
variety of locations.

6. Self-Management Maintaining personal ethical standards and directing oneself in one’s
work and career development.

7. People Management Teaming with and developing others in the organisation.
8. Innovation & Change Feeling comfortable in fast-changing environments, being willing to

take risks and to consider new and untested approaches.
9. Influence &

Communication
Getting the message through clearly and in ways that lead others to

share their perspective and reach agreement, being attentive and
responsive to other people’s feelings.

10. Interpersonal Relations Staying alert to others’ needs and concerns; maintaining good
interpersonal relations with others.
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structuring work and getting things done; Oh & Berry, 2009) loaded most
strongly on the first factor for all three ratings sources. Therefore, task
performance composite variables were created for each rating source by
summing ratings on performance dimensions 1–6. Performance dimensions
7–11 (which all resembled contextual performance in that they focused on
facilitating the social and psychological contexts of work, interpersonal rela-
tions, and relationship building; Oh & Berry, 2009) loaded most strongly on
the second factor for all three rating sources. Therefore, contextual perfor-
mance composite variables were created for each rating source by summing
ratings on performance dimensions 7–11. Performance dimensions 12 and 13
(which dealt with leveraging conflict and negotiating resolution) loaded most
strongly on the third factor for all rating sources, so “third-factor” composite
variables were created for each rating source by summing ratings on perfor-
mance dimensions 12 and 13. Because this third factor did not fit our theo-
retical task and contextual performance model of job performance ratings,
we do not report full analyses for this third factor. Although we do not report
them, we did run full analyses (e.g. sex-based differential prediction analyses)
for the third factor composites and the exact same pattern of results emerged
as with the task and contextual performance factors, so study conclusions
remain the same with or without this third factor. Full sex-based differential
prediction analysis results for this third factor are available upon request
from the first author.1 Performance dimensions 14–20 loaded most strongly
on different factors depending on the rating source and therefore cannot
definitively be called task versus contextual performance dimensions. Thus,
dimensions 14–20 were excluded from further analyses. In all, six perfor-
mance criterion composite variables were created and used in sex-based
differential prediction analyses: task and contextual performance composite
variables for supervisor, peer, and subordinate ratings.

Intercorrelations between supervisor, peer, and subordinate ratings of task
performance ranged from .16 to .42; and intercorrelations between supervi-

1 Another possible way to form task and contextual performance factors would have been to
only extract the first two (task and contextual performance) factors in the EFAs. In order to
investigate what effects this would have on study conclusions, we carried out the EFAs in this
fashion. Because there was not a third factor to load on, some of the performance dimensions
that had loaded most strongly on the third factor instead loaded most strongly on the task and
contextual performance factors across ratings sources. We created task and contextual perfor-
mance composite variables including the new dimensions that now loaded most strongly on the
task and contextual performance factors and carried out sex-based differential prediction analy-
ses using these new composites as criteria. The pattern of results remained exactly the same as
when we allowed there to be a third factor and excluded performance dimensions loading on the
third factor. Full results are available on request from the first author. The main point is that,
regardless of how the task and contextual performance factors were formed, sex-based differ-
ential prediction analysis results remained the same.
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sor, peer, and subordinate ratings of contextual performance ranged from .16
to .31 (see Table 3). These low-to-moderate intercorrelations are very similar
to those found in Conway and Huffcutt’s (1997) meta-analysis of these same
relationships. These low-to-moderate intercorrelations suggest that the
ratings from the three sources were relatively independent of each other,
likely due to differences in rater agendas and/or opportunity to observe
performance behaviors of ratees (Oh & Berry, 2009). Therefore, the three
rating sources were considered separately in the present study.

Sample 2. The WBI 2.0, Chinese-Language Version (Page, 2009) was
used to measure participants’ FFM personality traits using a 5-point Likert
scale. Scale scores were calculated for participants on each of the FFM traits:
Emotional Stability, Extraversion, Openness to Experience, Conscientious-
ness, and Agreeableness. As in Sample 1, FFM scale scores are in a T-score
metric. Alpha reliabilities for the FFM scales ranged from .84 to .91.

The WBI 2.0 is an updated version of the WBI 1.0. WBI 2.0 differs from
WBI 1.0 in that some item content is different, and three facet-level scales (i.e.
sub-scales for the FFM traits) were added to the inventory (see Page, 2009).
The WBI 2.0, Chinese Language Version is a Chinese translation of the WBI
2.0, English Language Version. A number of studies have documented the
comparability of the Chinese and English versions of the WBI. Liang and
Yang (2006) found the scale reliabilities to be essentially comparable across
the two versions, with the average reliability being .86 for the English version
and .81 for the Chinese version. Bilingual persons taking both the English
and Chinese versions yielded high same-scale consistency (mean r = .92)
across the two language forms (Thompson, Hartmann, Vang, & Tubré,
2008). In addition, identical FFM structure has been replicated across the
English and Chinese versions (Page, 2009).

Participants’ job performance was rated by an average of 10.96 raters
(1.10 supervisors, 3.45 peers, and 5.65 subordinates). Average supervisor,
average peer, and average subordinate ratings were used in the present
study. The performance rating form was developed as a generic 360 degree
performance assessment that is suitable for managerial populations working
in the Chinese context (Wang, Fang, & Mobley, 2006). This performance
rating form was different from that used in Sample 1. The performance
rating form contained 10 separate job performance dimensions (see Table 1
for definitions of each of the 10 performance dimensions). Each of the 10
performance dimensions consisted of 5 to 15 behavioral items. Supervisors,
peers, and subordinates used the same rating form. Raters were required to
rate how frequently the ratee demonstrated each behavior at work as
described in the item, using a 5-point scale (1 = never, 5 = always). Raters’
ratings on specific behavioral items were then averaged to generate dimen-
sional scores.
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Exploratory factor analyses (EFAs) using promax rotation were conducted
on the 10 performance dimensions in the same manner as in Sample 1 (see
Table 2). Across all three rating sources, the same two interpretable factors
(accounting for between 86.1 and 89.1% of the variance) emerged, suggesting
that two-factor solutions accounted for most of the variance in performance
ratings (an interpretable third factor did not emerge, as in Sample 1). Addi-
tionally, for supervisors, peers, and subordinates, the same sets of perfor-
mance dimensions hung together. For all three rating sources, performance
dimensions 1–8 (which all resembled task performance; Oh & Berry, 2009)
loaded most strongly on the first factor. Therefore, task performance compos-
ite variables were created for each rating source by summing ratings on
performance dimensions 1–8. Performance dimensions 9–10 (which each
resembled contextual performance; Oh & Berry, 2009) always loaded most
strongly on the second factor, and therefore contextual performance compos-
ite variables were created for each rating source by summing ratings on
performance dimensions 9–10. In all, six performance criterion composite
variables were created and used in sex-based differential prediction analyses:
task and contextual performance variables for supervisor, peer, and subordi-
nate ratings. Intraclass correlations were .46, .48, .42, and .44 for peer-rated
task performance, peer-rated contextual performance, subordinate-rated task
performance, and subordinate-rated contextual performance, respectively.
Most participants were rated by only one supervisor, so intraclass correlations
could not be calculated for supervisor ratings. Intercorrelations between
supervisor, peer, and subordinate ratings of task performance ranged from .18
to .28; and intercorrelations between supervisor, peer, and subordinate ratings
of contextual performance ranged from .28 to .38. These low-to-moderate
intercorrelations suggest that the ratings from the three sources were indepen-
dent enough of each other to be considered separately in the present study.

Procedure

Procedures were the same for Samples 1 and 2. Sex-based differential pre-
diction analyses were carried out separately for each rating source (supervi-
sors, peers, and subordinates) and were carried out separately for each
pairing of an FFM trait with a performance dimension (i.e. task and contex-
tual performance). This resulted in 30 sex-based differential prediction analy-
ses in both Samples 1 and 2 (5 traits ¥ 3 rating sources ¥ 2 performance
dimensions = 30 analyses), for 60 total sex-based differential prediction
analyses across the two samples. Step-down hierarchical regression was used
for sex-based differential prediction analyses (Lautenschlager & Mendoza,
1986). These analyses test the null hypothesis of equal within-sex regression
slopes and intercepts by comparing up to four different nested regression
models in stepwise fashion. The four regression models are:
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Model 1:Ŷ b b X e= + +0 1

Model 2:Ŷ b b X b S b XS e= + + + +0 1 2 3

Model 3:Ŷ b b X b XS e= + + +0 1 3

Model 4:Ŷ b b X b S e= + + +0 1 2

Where Ŷ is the predicted criterion score, X is the personality test score, S is a
dummy-coded subgroup (i.e. sex) membership variable, XS is a cross-product
term obtained by multiplying X and S, and e is a residual. The first step in the
step-down analyses is to compare the change in R2 between Models 1 and 2 as
an omnibus test of slope and intercept differences. If the increment in R2 is not
significant, the null hypothesis of equal slopes and intercepts cannot be
rejected and no further analyses are appropriate. If the increment in R2 is
significant, this suggests that sex-based differential prediction exists in the
form of differences between sexes’ regression slopes and/or intercepts. Only in
this case are sequential tests of equivalence of slopes and/or intercepts carried
out in order to determine the exact form of sex-based differential prediction.
First, to test for slope differences, Models 2 and 4 (which only differ in
inclusion of the interaction term) are compared. If the change in R2 is signifi-
cant, this suggests that there are slope differences between sexes. If there are
slope differences between sexes, this makes the intercept differences uninter-
pretable, and therefore an individual test of intercept differences is not carried
out. However, if there is no significant change in R2 between Models 2 and 4,
this suggests that slopes do not differ, and therefore a test of whether intercepts
differ between subgroups is appropriate. To test for intercept differences
between subgroups, Models 2 and 3 (which differ only in inclusion of the
subgroup dummy variable) are compared; a significant change in R2 suggests
a difference between subgroups in intercepts.

RESULTS

Correlations between all study variables are listed in Table 3 for both
Samples 1 and 2. Each of the FFM traits exhibited significant correlations
with at least some performance ratings. Further, the magnitude of
personality–performance relationships in both Samples 1 and 2 are similar to
the typical range of observed validities for FFM traits documented in meta-
analyses (Barrick et al., 2001).

Means, standard deviations, and standardised mean differences (ds) for
males and females on each of the FFM traits and job performance ratings are
listed in Table 42 for both Samples 1 and 2. In Sample 1, although most mean
differences were small, women had lower mean scores on each of the FFM

2 We note that the T-scores on each of the personality dimensions for Sample 1 were relatively
high (i.e. .50–.80 standard deviations above the average score of 50). The reason for this is not
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traits, but higher mean scores on most of the job performance ratings, imply-
ing the potential for under-prediction of female performance. In Sample 2
there were virtually no sex differences in mean performance ratings, but there

particularly clear. One possibility is socially desirable responding (SDR). However, all else
equal, SDR would be expected to attenuate personality validity (e.g. Berry & Sackett, 2009), and
Sample 1’s personality validities are actually higher than are often seen for personality traits.
Another possible explanation is that the participants in Sample 1 were relatively high-level
managers. To the degree that personality traits predict job performance, and to the degree that
higher performers are more likely to become managers, one would expect managers to score
higher than average on positive personality traits. A third possibility arises from research
demonstrating that individuals develop in response to their experiences and the expectations of
their social roles (Roberts, Caspi, & Moffitt, 2003). It is possible that the experiences and social
expectations of high-level managers shape them to be more emotionally stable, extraverted, open
to experience, conscientious, and agreeable.

TABLE 4
Means, Standard Deviations, and Standardised Mean Differences for Each Sex

Females Males

dMean SD Mean SD

Sample 1
Extraversion 53.95 5.84 55.00 5.83 -.18
Agreeableness 57.09 7.07 57.55 7.24 -.06
Openness 55.02 5.34 56.46 5.36 -.27*
Conscientiousness 57.46 6.13 57.72 6.59 -.04
Emotional Stability 55.64 5.72 57.95 6.52 -.37*
Task Performance—Supervisor Rating 36.99 5.54 36.18 6.41 .13
Task Performance—Peer Rating 36.66 4.14 36.66 4.22 .00
Task Performance—Subordinate Rating 41.37 4.61 40.83 5.13 .11
Contextual Performance—Supervisor Rating 31.51 5.42 30.65 5.55 .16
Contextual Performance—Peer Rating 30.71 3.57 30.04 3.65 .18
Contextual Performance—Subordinate Rating 33.71 4.68 33.12 5.13 .12

Sample 2
Extraversion 52.99 6.91 51.97 7.26 .14
Agreeableness 46.15 7.89 44.47 8.37 .20*
Openness 46.95 7.82 49.90 7.36 -.40*
Conscientiousness 48.54 8.30 47.08 8.37 .18
Emotional Stability 49.04 8.96 48.36 8.94 .08
Task Performance—Supervisor Rating 24.88 2.78 24.78 2.89 .03
Task Performance—Peer Rating 24.59 2.12 24.56 2.09 .02
Task Performance—Subordinate Rating 26.05 1.91 26.05 1.86 .00
Contextual Performance—Supervisor Rating 6.17 .78 6.14 .78 .04
Contextual Performance—Peer Rating 6.17 .61 6.19 .58 -.04
Contextual Performance—Subordinate Rating 6.36 .53 6.44 .52 -.15

Note: The task and contextual performance rating instruments were different for Samples 1 and 2 (see
Methods section); d = standardised mean difference; positive values mean females scored higher; * p < .05.
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were some small-to-moderate mean differences on FFM traits (e.g. women
scored lower on Openness, men scored slightly lower on Agreeableness),
suggesting the possibility for sex-based differential prediction.

Sample 1 Sex-Based Differential Prediction Results

Results of the 30 sex-based differential prediction analyses carried out for
Sample 1 are listed in the top half of Table 5. Each number in Table 5 is an
unstandardised regression coefficient. Because in the step-down hierarchical
regression method a significant slope difference precludes the need to test for
intercept differences, intercept difference results are only listed when the
slopes did not differ. Therefore, bolded entries represent the regression coef-

TABLE 5
Unstandardised Regression Coefficients Resulting from the Step-down

Hierarchical Regression Analyses for Samples 1 and 2

EX AG OP CO ES

Sample 1 Sex-Based Differential Prediction Analyses
Supervisor ratings

Task Performance -.17 -.13 -.15 -.13 .15*
Contextual Performance -.18 -.15 -.15 -.16 -.20

Peer ratings
Task Performance -.07 -.02 -.10 -.03 -.13
Contextual Performance .10* -.19 -.17 -.18 -.26

Subordinate ratings
Task Performance -.13 -.13 -.14 -.12 -.17
Contextual Performance -.11 -.13 -.07 -.12 -.15

Sample 2 Sex-Based Differential Prediction Analyses
Supervisor ratings

Task Performance -.01 .00 -.07 .00 -.01
Contextual Performance .01 .01 -.05 .01 -.01

Peer ratings
Task Performance .00 .01 -.03 .01 -.01
Contextual Performance .10 .11 .08 .07 .10

Subordinate ratings
Task Performance .02 .03 .01 .02 .02
Contextual Performance .07 .07 .12 .05 .07

Note: When a coefficient is bolded it represents the regression coefficient for the sex–trait interaction term (i.e.
slope difference) when performance criteria are regressed on the FFM trait score, the sex dummy variable, and
a sex–trait interaction term. When a coefficient is not bolded, it is the regression coefficient for the sex dummy
variable (i.e. intercept difference) when performance criteria are regressed on the FFM trait score, the sex
dummy variable, and a sex–trait interaction term. An asterisk means the regression coefficient is statistically
significant (p < .05). EX = Extraversion, AG = Agreeableness, OP = Openness to Experience, CO = Consci-
entiousness, ES = Emotional Stability.
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ficient for the sex–trait interaction term (i.e. slope difference) when perfor-
mance criteria are regressed on the FFM trait score, the sex dummy variable,
and a sex–trait interaction term. When a coefficient is not bolded, it is the
regression coefficient for the sex dummy variable (i.e. intercept difference)
when performance criteria are regressed on the FFM trait score, the sex
dummy variable, and a sex–trait interaction term (when the sex coefficient is
listed, it can be assumed that there were not significant slope differences, and
thus only the sex/intercept coefficient is listed). Because the sex dummy
variables were coded such that 0 = female and 1 = male, positive intercept
coefficients (unbolded coefficients) mean that the male intercept is higher,
while negative coefficients mean that the female intercept is higher. Positive
slope coefficients (bolded coefficients) mean that the FFM trait is more
strongly related to performance for men, while negative slope coefficients
mean the FFM trait is more strongly related to performance for women. To
aid in interpretation, the performance ratings were standardised such that
they had a mean of zero and standard deviation of one, while the predictor
variables (sex and FFM traits) were not standardised. Thus, positive
unstandardised regression coefficients for intercept differences in Table 5 can
be directly interpreted as the number of criterion standard deviation units
higher the male intercept was than the female intercept (with the opposite
being true of negative coefficients).

Across the 30 analyses, there were two instances of sex-based differential
prediction, meaning that the slopes or intercepts differed for sexes 6.7 per
cent of the time. This is approximately equivalent to the alpha level of .05,
suggesting that sex-based differential prediction was essentially a chance
phenomenon in Sample 1. It is interesting to note that of the two instances of
sex-based differential prediction, both were slope differences between sexes.
Both slope coefficients were positive, meaning that Emotional Stability was
more strongly related to supervisor ratings of task performance for men and
Extraversion was more strongly related to peer ratings of contextual perfor-
mance for men. Emotional Stability and Extraversion are relatively agentic
traits, which is in line with Hypothesis 1 that suggested that any instances of
sex-based differential prediction would be more likely to occur with relatively
agentic FFM traits. However, we hesitate to call this support for Hypothesis
1, as slope differences occurred hardly more often than would be expected
due to chance. There was no support for Hypotheses 2 or 3 that suggested
that sex-based differential prediction would be more likely for task perfor-
mance and supervisor ratings, respectively.

Sample 2 Sex-Based Differential Prediction Results

Results for the Sample 2 sex-based differential prediction analyses are listed
in the bottom half of Table 5. Across the 30 analyses, there were no instances
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of sex-based differential prediction, meaning that the slopes or intercepts did
not differ across sexes. There was no support for Hypotheses 1, 2, or 3. Thus,
similar to the results for Sample 1, sex-based differential prediction does not
appear to be an issue in Sample 2.

DISCUSSION

Summary of Findings

Across two separate samples, a comparably low prevalence of sex-based
differential prediction was identified (6.7% and 0% of the time in Samples 1
and 2, respectively). Out the 60 sex-based differential prediction analyses
across Samples 1 and 2, there were only two instances of sex-based differen-
tial prediction, meaning that sex-based differential prediction only occurred
3.3 per cent of the time. This is even less than would be expected due to
chance alone, given an alpha level of .05 (i.e. across 60 analyses, the alpha
level of .05 suggests that as many as three significant results could be found
due to chance). This suggests that sex-based differential prediction is a phe-
nomenon that occurs no more often than would be expected by chance alone
in the personality–performance domain.

Therefore, no evidence was found that FFM traits are more strongly
related to supervisor, peer, or subordinate ratings of job performance for
men than for women, suggesting that inferences drawn from personality test
scores are equally valid for each sex. Also, no evidence was found that FFM
traits under-predict (or over-predict) performance ratings for women, sug-
gesting that the predictive meaning of FFM trait scores is equivalent for men
and women. Combined with the results of Saad and Sackett’s (2002) military
study, a body of evidence for a lack of sex-based differential prediction of
performance for personality measures is beginning to accumulate; although
this is only based on two studies. This is an important applied finding as it
bolsters the position of personality tests as a relatively fair and unbiased tool
for use in organisations.

Comparisons with Results from Previous Research

The current study was an initial step toward addressing the lack of research
on sex-based differential prediction in employment settings. The only study
to date that has investigated sex-based differential prediction was Saad and
Sackett’s (2002) military sample study. Overall, the general message from the
current study was very similar to that from Saad and Sackett, with results
only differing in some specific details. First, the big picture message from
both the current study and Saad and Sackett was the same: both studies
found no evidence compatible with personality test bias. Second, neither the
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current study nor Saad and Sackett identified slope differences between sexes
at greater-than-chance levels. The main difference in the pattern of results
between the two studies is that Saad and Sackett found evidence of intercept
differences while the present study found none. Thus, the picture that begins
to emerge is one of some sex-based differential prediction in the form of
intercept differences, but a lack of evidence of slope differences or personal-
ity test bias. This is remarkably similar to the pattern of results typically
observed for cognitive ability tests (Schmidt, 1988).

The difference between Saad and Sackett (2002) and the current study in
intercept differences should be discussed. Saad and Sackett found that
women had a lower intercept in about one-third of analyses while the current
study found no evidence of intercept differences. Because intercept differ-
ences in sex-based differential prediction represent differences between sexes
in performance unaccounted for by either differences (a) between sexes in test
scores or (b) in the relationship between test scores and performance, inter-
cept differences are most likely to occur when there are criterion score dif-
ferences between sexes (e.g. if women score lower on performance, they are
more likely to have the lower intercept, meaning that female performance
would be over-predicted by the common regression line). Not surprisingly, in
Saad and Sackett’s military sample, men scored higher than women on most
performance dimensions. In the present study, where there were criterion
score differences, they were most often in favor of women. Therefore, the
explanation for the differences regarding intercept findings between the
present study and Saad and Sackett’s may reside in the mechanism causing
the opposite direction of criterion score differences.

There were at least three relevant differences in the design of Saad and
Sackett (2002) versus the present study: the personality tests (the ABLE vs.
the WBI, respectively), the criteria (supervisor ratings, work samples, and
personnel files vs. supervisor, peer, and subordinate ratings, respectively),
and the setting (military vs. civilian, respectively). Both personality tests (the
ABLE and WBI) were designed to measure similar personality traits, and it
is not clear to us why properties of the tests would influence criterion score
differences between the studies; so, we think differences between studies in
personality tests are an unlikely explanation for the differences in intercept
findings. Although most of the performance criteria differed between the two
studies, both Saad and Sackett and the present study included supervisor
ratings and the intercept difference findings still differed between the studies
on this common criterion. This argues against differences in the criteria
across the two studies explaining the differences in intercept findings. We
believe a more likely explanation for the disparity between studies arises from
the use of military versus civilian managerial samples. In a setting as histori-
cally dominated by men as the Army, it is not surprising that women would,
on average, have lower performance scores, resulting in conditions ripe for

24 BERRY ET AL.

© 2012 The Authors. Applied Psychology: An International Review © 2012 International
Association of Applied Psychology.



over-prediction of performance. Although managerial settings have histori-
cally been similarly dominated by men (e.g. Gutek, 1993; Rinfret & Lortie-
Lussier, 1996), recent research suggests that this is less the case today (Duehr
& Bono, 2006) and that women tend to exhibit some positive managerial
behaviors, such as transformational leadership, slightly more often than men
(Carless, 1998). Thus, sizable mean performance differences between sexes
are less likely in managerial samples, making it less likely that intercept
differences will occur. This was indeed the case in the present study as there
were not sizable mean differences in performance between men and women.
This highlights the importance of attending to the job type when investigat-
ing sex-based differential prediction.

Practical Implications

The use of personality testing for purposes such as personnel selection/
screening or employee development is common in organisations (Daniel,
2005). Thus, it is important that personality tests not be biased against
important subgroups, especially those subgroups outlined in Title VII of the
Civil Rights Act. Women are one such subgroup, and the results of the
current study, along with the results of Saad and Sackett (2002), suggest that
personality tests do not exhibit predictive bias against women. This finding
must be replicated in other jobs, organisations, and for other personality
tests. However, to date no sex-based differential prediction studies have
identified evidence of personality test bias. This suggests that, unless findings
change in future research using personality tests other than the WBI and
ABLE (as were used in the present study and Saad and Sackett, 2002),
organisations using personality tests do not have reason for concern.

Additional Issues, Limitations, and Directions for
Future Research

The present study was not without limitations. One potential limitation is the
size of the female samples (60 and 134 in Samples 1 and 2, respectively),
which affects statistical power. In moderated multiple regression analyses, of
which differential prediction analyses are one type, statistical power to detect
interactions (i.e. slope differences) is probably the greatest issue (Aguinis,
Beaty, Boik, & Pierce, 2005). A computer program called MMRPower
described by Aguinis, Boik, and Pierce (2001) was used to determine the
statistical power that the present study had to detect slope differences of
moderate size (Cohen, 1992). Depending on the specific predictor–criterion
combination, statistical power in Sample 1 ranged from .46 to .57, while
statistical power in Sample 2 ranged from .85 to .93. Thus, statistical power
to detect interactions was not ideal in Sample 1. However, the only slope
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differences detected in either sample were in Sample 1, the sample with less
power. Therefore, it is unlikely that there were actually sizable slope differ-
ences in the present study that went undetected due to low power. Regardless,
future research with larger samples is warranted.

The use of managerial samples represented both a strength and a limitation
of the current study. On the one hand, the only previous sex-based differen-
tial prediction study (Saad & Sackett, 2002) used a military sample, and thus
the use of any employment sample in the current study acted as a needed
extension of previous research. Also, unlike most other employees, managers
have supervisors, peers, and subordinates, which allowed us to investigate
whether patterns of results differed across these three rating sources. On the
other hand, the use of managerial samples in the current study does not allow
us to generalise with confidence to other civilian jobs. Future sex-based
differential prediction research should be carried out using employees in
other types of jobs.

The current study used only one personality instrument: the Work Behav-
ior Inventory (WBI). Thus, the degree to which the results of the present
study generalise to other personality inventories is still an open question in
need of future research. There are, however, two points that speak to this
issue. For one, past research has demonstrated that scores on WBI scales
correlate highly with scores on relevant scales of other commonly used per-
sonality instruments such as the Hogan Personality Inventory, the Occupa-
tional Personality Questionnaire, the Golden Personality Type Indicator,
and the BarOn EQ-i (Page, 2009). Thus, it is unlikely there is something
idiosyncratic about the WBI. Second, the pattern of results in the current
study was very similar to the pattern of results for the personality instrument
used in Saad and Sackett (2002; US Army’s Assessment of Background and
Life Experiences). This acts as further convergent evidence. Regardless,
future sex-based differential prediction research using different FFM person-
ality measures, or even measures of traits outside of the FFM (e.g. Lee,
Ashton, & DeVries, 2005), would be worthwhile.

The present study did not have access to information about the individual
performance raters. Thus, it was not possible to investigate the degree to
which characteristics of individual raters (e.g. sex, age, endorsement of sex
stereotypes) might influence the results. It is possible that personality trait
scores might have differentially predicted performance for certain types of
performance raters, such as male raters, or raters that endorse sex stereo-
types. We suggest this as a direction for future research.

An additional issue regards the two different cultures from which Sample
1 and Sample 2 were drawn. Sample 1 was an American sample while Sample
2 was a Chinese sample. As previously mentioned, a number of studies have
documented the comparability of the WBI for Chinese and American
samples (Liang & Yang, 2006; Page, 2009; Thompson et al., 2008), suggest-
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ing that the meaning of the personality measure should not have differed
across samples. Less clear is whether the meaning of the criterion measures
was comparable across the two samples. It is noteworthy that similar factor
structures of performance ratings were found in each sample. However, this
does not necessarily mean that the performance raters interpreted the
meaning of performance dimensions for men and women similarly across the
samples. Regardless, the general pattern of results (i.e. no intercept differ-
ences, almost no slope differences, no consistent evidence of personality test
bias) was the same across the two samples, making it less likely that cultural
differences confound major study conclusions. In fact, that the general
pattern of results replicated across two different cultures might be considered
a strength of the current study.
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APPENDIX

TABLE A1
Example Items for each of the Five-Factor Model Traits in the Work

Behavior Inventory

Example items

Extraversion “I find it easy to meet people and make new friends”
“People would describe me as shy”—R

Agreeableness “I cooperate well with other team members”
“I am not very patient at listening to the concerns of others”—R

Openness “I am good at coping with change”
“I usually don’t have many creative ideas”—R

Conscientiousness “I make a habit of double checking my work for accuracy”
“I don’t like working toward difficult goals”—R

Emotional Stability “I rarely lose my temper”
“I worry a lot”—R

R = Reverse-coded
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